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Abstract:

Climatic variation can influence species responses to the environment by changing landscape
conditions at fine spatial scales over short time periods. Snowpack has recently been modeled in a
geographic information system at 30 m spatial resolution, detail sufficient to expanding the assessment
of animal responses to dynamic landscape conditions during the winter season. I examined elk
distributional responses to variable snowpack conditions by comparing landscape characteristics at
observed locations of instrumented elk to randomly selected locations representing the landscape
available to those elk in the upper Madison River drainage of Yellowstone National Park, Wyoming,
USA. Snow mass was estimated for 3126 elk locations and associated random locations collected over
5 winter seasons. Using log odds ratios, I documented a higher likelihood of elk occurring at locations
with relatively lower snow mass estimates. These likelihoods increased at low snow mass levels as
landscape-scale snow severity increased. In addition, the likelihood of elk occurrence increased as
snow heterogeneity (ie. the variability of snow mass) at a location increased. Conditional logistic
regression and Akaike’s Information Criterion model comparison techniques revealed that snow
heterogeneity had a strong positive coefficient estimate when added to models containing static
landscape covariates and greatly increased the explanatory power of such models. However, snow mass
was not well supported using this approach, suggesting that the explanatory power of snow mass is
provided by landscape covariates already in the model. This finding suggests incorporating additional
mechanisms related to these static landscape covariates, such as herbaceous productivity, into future
model comparisons. Results from these analyses support known distributional responses of large
herbivores to snow, and also reveal additional complexity in those responses associated with
landscape-scale snow conditions and local snow pattern. Advancement and application of current
climatic modeling techniques will enable further assessment of species responses to variation in climate
at increasingly detailed biological, temporal and spatial scales.
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ABSTRACT

Climatic variation can influence species responses to the environment by
changing landscape conditions at fine spatial scales over short time periods. Snowpack
has recently been modeled in a geographic information system at 30 m spatial resolution,
detail sufficient to expanding the assessment of animal responses to dynamic landscape
conditions during the winter season. I examined elk distributional responses to variable
snowpack conditions by comparing landscape characteristics at observed locations of
instrumented elk to randomly selected locations representing the landscape available to
those elk in the upper Madison River drainage of Yellowstone National Park, Wyoming,
USA. Snow mass was estimated for 3126 elk locations and associated random locations
collected over 5 winter seasons. Using log odds ratios, I documented a higher likelihood
of elk occurring at locations with relatively lower snow mass estimates. These likelihoods
increased at low snow mass levels as landscape-scale snow severity increased. In
addition, the likelihood of elk occurrence increased as snow hetero geneity (ie. the
variability of snow mass) at a location increased. Conditional logistic regression and
Akaike’s Information Criterion model comparison techniques revealed that snow
heterogeneity had a strong positive coefficient estimate when added to models containing
static landscape covariates and greatly increased the explanatory power of such models.
However, snow mass was not well supported using this approach, suggesting that the
explanatory power of snow mass is provided by landscape covariates already in the
model. This finding suggests incorporating additional mechanisms related to these static
landscape covariates, such as herbaceous productivity, into future model comparisons.
Results from these analyses support known distributional responses of large herbivores to
snow, and also reveal additional complexity in those responses associated with
landscape-scale snow conditions and local snow pattern. Advancement and application of
current climatic modeling techniques will enable further assessment of species responses
to variation in climate at increasingly detailed biological, temporal and spatial scales.
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'INTRODUCTION

Climatic variation is a stochastic component of the abiotic envitonment that

'influences the plant and animal species inhabiting most ecosystems (Andréwartha and
Birch 1957, Fretwell 1972, Ackerly 2003). This variation can be influential to the biotic
community at many spatial and temporal scales, including regional multi-annual
precipitation trends to site-specific daily teminerature fluctuations. For example, when
waterfowl avoid drought-affected landscapes or reptiles orient their bodies to maximize
solar exposure, they are responding to dynamic environmental conditions (Florides et al.
1999, Neimuth and Solberg 2003). Interpreting such behavior not only depends upon
identifying influential environmental scales, but also carefully deﬂning. the biological
scale of response (Levin 19'92, Kar] et al. 2000). While an animal’s initial response to
landscape characteristics is a reflection of physiological requirements, aésessing
immediate physiological economics is often difficult in the field (Dailey and Hobbs 1989,
Harder and Kirkpatrick 1994). However, in meeting these physiological needs animals
may distribute themseh'/es upon the 1andScaioe in a manner that maximvizes‘ benefits while
minimizing costs, and as such their resﬁlting locations can hprovide an effective biological
'scale at which responses to the landscape can be examined (Fretwell and Lucas 1969).
By comparing the characteristics of an animal’slocation to the characteristics of the
landscape available across its normal range the extent to which different components of
the landscape influence animal distributions can be assessed (Manly et al 1993). Such
assessments typically use geographic information system (GIS) data layers to determine

the characteristics of the landscape at a particular location, and are more reliable with
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increasingly accurate representations of the landsgape. Howéver, in environments that
experience pronounced seasonal variation, spatial_ly explicit climate data is rarelly
available at temporal and spatial detai_l sufﬁcieﬁt to adequately mode] variation in animal
location data.

In mid- to-high-latitude ecosystems, climate during the winter season can quickly
change landscape conditions, causing animals to distribute themselves in a manner that
minimizes energy expenditures and maximizes benefits (Fretwell 1972). Wind, freezing
temperatures and snow during \‘Ninter can cause the costs of movement, thermoregulatién
and food acquisition to vary across the landscape (Pérker et al. 1984, Wickstrom et ‘a'l.
1984, Root 1988,). While some populatjons can considerably minimize these costs
through migratory behavior or hibernation, other populations cope by changing resource
use within their local environment (Fancy et al. 1989, Berthold 2001, Humphries et al.

' 2003). Animals unwilling or unable to avoid the energetic costs associated with severe
winter climate can eiperience pressures that may ultimately influence their vital rates

and, hence, fitness. In particular, seasonal snow patterns can negatively affect juvenile
survival -and body mass, alter sex ratios and increase adult mortality (Loison and |
Langvatn 1998, Post and Stenseth 1999, Mysterud et al. 2000, Forchhammer et al. 2001,
Garrott et al. 2003). Such demographic changes reflect consequeﬁces of climate at
extensive spatial and temporal scales and eﬁcourage questions about the interéctions
between organisms and their environment at finer spatial and temporal scales.

Advancements in tagging and radio marking animals continue to improve the ability to

obtain detailed biological data, while the progression in computer technolo gy and remote
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sensing has be;,gun to provide increasingly detailed and accméte landscape data (White
and Garrott 1990, Fred Watson personal communication). Using such data researchers
can now begin to examine the influence of dynamic landscape components, inéludiﬁg
snowpack, upon animal movement and distribution patterns.

Various landscape components contribute to make snow accumulation and
ablation highly variable across space'and time, making it challenging to represent in a
GIS for subsequent comparison to animal responses (Coughlan and Running 1997, Marsh
1999). Precipitation interacts with abiotic components of the environment, such as
elevation,' aspect, temperature, wind, and solar radiation, as well as biotic components
including vegetation structure to result in snowpack variation (Hardy and Hansen-
Bristow 1990, Coughlan and Running 1997, Greene et al. 1999, Marsh 1999). Unique
combinations of these environmental components may create heterogeneous péttems of
snowpack across the landscape. While many studies have looked at how seasonal
climatic changes influence animal distributions upon the landscape (Craighead et al.
1973, Schmidt 1993, Nellemann 1998), few have attempted to utilize dynamic climatic
conditions at finer temporal scales. Turner et al. (1994), used historical monthly weather
measurements to estimate one ha snow metrics every three days for assessing the
influence of landscape variatidn on ungulate distribution and survival. Based upon
simulated ungulate movement and distribution patterns, they determined that winter _‘
severity had a signiﬁcant effect on post-fire survival. Arthur et al. (1996), compared polar

bear locations to several categories of sea ice concentration, calculated daily at a 625 km?®

spatial scale, to determine how seasonal changes in bear distribution were influenced by
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changing sea ice density. Recently, hydrological modeling efforts have provided daily
estimates of snowpack at spatial scales of less than 900 m? (Fred‘ Wa;tson personal
communication). While snowpack is commonly measure.d using depth, these models
estimated snow 'Water equivalent (SWE) as a more direct indic\ator of snowpack, bécause
it reflects snow mass, the product of snow depth and ciensity (Farnes et al. 1999). These
data are novel in both spatial and temporal resolution, providing.the opportunity to build
upon previous research by examining the relationships between animal distr/ibutions and
climate, such aé site-specific SWE estimates and SWE variation, in even ‘gréater detail.

Resppnses of large herbivores td snow have been well researched, however, théir
distributions during winter have only beeﬁ broadly. correlated to changes in the spatial
distribution of snowpack (Craighead et al. 1973, Houston 1982, Séhm,idt 1993,
Nellemann 1998, Ball ét al. 2001). In many ecosystems, including those in temperate to
arctic regions, large herbivores have important effects on landscape processes such as
nutrient cycling and plant community structures (McNaughton 1985, Hobbs 1986). Thus,
identifying the mechanisms that influence large herbivore distributions upon the -
landscape is crucial to both ecological'u.nderstanding and ecosystem management. The
influence of snow accumulations on seasonal migration and localized movement has been
documented, yet has often been based upon general.observations and infrequent
measurements of snow (Craighead et al. 1973, Sweeney and Sweeney 1984, Ball et al.
2001). Given these known responses in light of access to site-specific SWE estimates, the

opportunity now exists to determine if snowpack estimates at relatively fine spatial and
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temporal scales can provide additional insight into the role of snowpack as a mechanism
directing large herbivore distributions.

Rocky Mountain elk (éervus elaphus) populations in Yellowstone National Park
(YNP) inhabit a mid-latitude montane ecosystem, representing an ideal study system for
examining the iﬁﬂuence of snowpack on large herbivores. Elk herds in YNP have
demonstrated distributional responses to changing seasonal snow conditions, including
the non-migratory elk herd inhabiti‘ng the upper Madison drainage (Craighead et al. 1973,
Houston 1982). My specific objective was to examine distributional responses of elk to
snbwpack dynamics by utilizing location information from the upper Madison elk herd
and detailed SWE estimates. This examination compared SWE estimates at known elk
locations to SWE estimates at locations selected at random from that area determined to
be available to the population. I assessed the response of elk to changing SWE estimates
_under severai landscape-scale snow conditions. I also compared the contributiéns ofa
suite of landscape components, includiﬁg SWE, in explaining variation in elk
distribution. To determine these contributions, I developed models to represent my
biologicgl hypotheses and compared the resulting suites of competing models using
model selection techniques based on Akaike’s Information Criterion (AIC) (Burnham and

~ Anderson 1998).
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STUDY AREA
The study area encompasses 31,400 hectares of the lipper Madison River drainage
in west central YNP, Wyoming (Figure 1). Ranging in elevation from 205 0. to 2650
. meters, the léndsc_:ape is composed primarily of forested plateaus and river canyons, with
meadow and riparian habitats along the Gibbon, Firehole and Madison rivers. Located on
the western edge of the Yellowstone caldera, the landscape contains high concentrations
of geothermal features. Seasons are characterized by long, cold winters and short cool
summers with average annual temperatures ranging from -11.1 to 17.7° C, and a mean
annual temperature of 3° C. Average annual precipitation ranges from 56 to 108 cm at
low and high elevations, reépectiVer. At low elévations snow accumulation usually
“begins during early November, with approxiﬁately 190 days of measurable Snow cover
and maximum SWE values of 58 cm. At higher elevations snow accumulation usually
begins during mid-October, with approximately 235 days of measurable snow cover and
maximum SWE values of 113 ¢cm (N atural Resource Consérvation Service SNOTEL
data). Accumulation and ablation rates of snow are highly variable across all sites, with
geothermal areas exhibiting accelerated ablation rates. |
| Elk utilize vegetation within forest and meadow habitats for cover and forage. In

1988, fires burned 48% of the area and the landscape now supports a mosaic of mature
lodgepole pine (Pinus contorta) forests and various stages of reéeneration, with small
areas of Engelman spruce (Picea englemannii) and-subalpine fir (4bies lasiocarpa)
(Aune 1981, Despain et al. 1989). Meadow vegetation consists of grassés (4dgropyron

spp., Deschampsia spp.), seages (Carex spp.) and marsh reedgrass (Calamagrostis spp.)
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(Aune 1981). Big sagebrush (Artemisia tridentata) and Idaho fescue (Festuca idahoensis)
occur on drier sites (Despain 1990). While winter vegetation is primarily senescent,
providing minimal nutritional value to large herbivores (Hobbs et al. 1983), geothermal
activity from numerous geyser basins support unique plant and algal communities that

photosynthesize year round (Despain 1990).

Figure 1. Upper Madison study area boundary, as defined by 3126
random telemetry locations of 76 instrumented cow elk collected during
five winter seasons (15 November - 15 May), within Yellowstone
National Park, Wyoming, USA.
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The study population consists of 6b0—800 non-migratory elk occurring in
relatively small herds across the llandscape (Craighead et al. 1973, Eberhardt et él. 1998).
This population exists in a protected natural landscape that is relatively uninfluenced by
anthropogenic factors. Although an average of 133,000 people visit the study area each
winter, humari use is primarily confined to the ‘75 kilometers of roads that run adjacent to
the three rivers (National Park Service 1999). Park protection and frequent human
exposure facilitate daté collection, because el.-k are acclimated to both park visitors and
the presence of résearchers (Hardy 2001). Elk in the upper Madison drainage share their
winter range with YNP's central bison (Bos bison) herd, whose population ranges from
approximately 300 to 1200 throughout the Mﬁter season (Bjornlie and Garrott 2001,
Ferrari and Garrott 2002). Wolves (Canis Zupu;) were successfully restored to the study

area in 1995 in the Firehole River valley, and the wolf population now provides a source

of predatory pressure on the large herbivore populations (Mech et al. 2001)
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METHODS

Elk Distribution

Adult female elk were captured, instrumented and monitored to collect
distribution data. Elk were arbitrarily selected for capture, while attempting to maintain
an even distribution of individuals throughout the study area. Animals were captufed
using ground-based delivery of immobilization drugs via dart rifle and ﬁtted with collar-
mounted radio-transmjtters. The sample from this populatipn varied from 25 to 40
individuals, dependent upon mortality and YNP permits. Animal locations were sampled
during five winter seasons (1991-92, 1992-93, 1994-95, 2000-01 and 2001-02) from
approximately 15 November until 15 May, following a restricted randomization sampling
design (Garrott et al. 1996). I divided the study area into several geographically defined
strata and randomly selected a stratum to be sampled. Instrﬁmented ellginhabiting the
selected stratum were located in a randomly deterfnined order and all remaining strata
were subsequently sampled before re-sampling. Locations were obtained diurnally using
hand-held telemetry equipment and homing procedures (White and Garrott 1990). Upoh
sighting, the location of the animal was recorded in Universal Transverse Mercétor
coordinates ﬁsing United Stafes Geological Survey (USGS) quadrangle maps.

I defined a binary response variable using instrumented elk locations compared to
randomly selected locations deemed available to the study population during winter. The
spatial extent of available landscape was delineated with a kernel density estimator using

the Home Range Extension program (Rodgers and Carr 1998) in ArcView Geographic
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Information System (GIS) software (ESRI 1998). Performance of kemel density
estimators is primarily dependent upon smoothing parameter selection ('Worton 1989).
While the program calculates a reference smoothing parameter, least squared cross
validation (LSCV) is considered the most precise parameter estimation technique
(Seaman and Powell 19965. However, fragmented boundaries are generated when
kernelling with LSCV for linear home ranges (Blundell et al. 2601). Thus, I. calculated a
smoothing parameter that was 30% of the reference estimate, compared to the 10%
* suggested by LSCV. I generated a 99.5% bouhdary (Figure 1) around all ihdependent elk
locations using a fixed kernel at a grid resolution of 30 m, unit variance standérdization
and a smoothing factor of 0.077. To represent the landscape available to the study
population, random locations were selected from within this boundary at a 20 ;1 ratio to
instrumented elk locations. Random locations were assigned the same date as their
corresponding elk Iocatioﬁ to ensure equal temporal 'distrib‘ution between elk and

random locations.

Landscape Covariates

Lands.cape covariates were 'aésigned fo 'ins_trurﬁented elk and random locations
using GIS data layers (Table 1).' Geoéraphic information system data layers used to
examine variation in large herbivore distributions usually represent temporally static
landscape attributes (Cooper and Millspaugh 1999, Karl et al. 2000). Typical static
attributes include slope, aspect, elevation and vegetation cover type. However, using a

single static data layer is inadequate for representing snow, as it is highly variable over
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short time periods. Because of this, I used a frequently updated data layer to capture the

temporal dynamic of snow. Both temporally static and dynamic covariates were

obtained from data layers of 30 m resolution, or pixel size.

Table 1.

Landscape and snow covariates used to examine variation in winter elk

distribution. All continuous covariates were measured in meters, except solar
radiation, which is unitless.

Variable Definition

HBT Categorical Habitat: geothermal, meadow, burned forest, unburned forest

SRI Solar Radiation Index

ELV Elevation

SWEA* Local Snow Water Equivalent - mean of SWE for all pixels within

' 100 m radius of location

SWEL* Landscape Snow Water Equivalent - mean of SWE for all pixels
within the boundary of the study population

SNHA* Local Snow Heterogeneity - standard deviation of SWE for all
pixels within 100 m radius from point location

SINHL* Landscape Snow Heterogeneity - standard deviation of SWE from

within the boundary of the study population

* Snow covariates SWE and SNH are referred to as Landscape or Local in text.

A USGS digital elevation model was used to acquire estimates of slope, aspect

and elevation. Aspect cannot be used directly in modeling efforts, as it is a continuous

circular measure where 1° is similar to 359°. This problem is usually overcome by

treating it as a categorical variable and designating up to eight parameters defined by the

cardinal and sub-cardinal directions (Cooper and Millspaugh 1999). However, the

biological importance of aspect can become more pronounced on greater slopes due to
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the solar exposure of a site. Solar exposure can influence thermoregulation of organisms,
N
as well as vegetative productivity and snow dynamics on the landscape (Cook et al. 1998

Greene et al. 1999). I used a solar radiation index (SRI) as a parsirﬁonious metric
representing this slope-aspect relationship. A SRI is qalculateci using lati’éude; slobe and
aspect, and requires the estimation of only one parameter (Igbal 1983). SRI values range
from a minimum -0.72 for northerly éspects of 90° slope t‘o a maximum of 1.0 for
southerly aspects of 45° slope, with values of 0.69 on all areas with no slope.

Habitat categories were designated using vegetation cover type and geothermal
data layers developed by The Watershed Institute (TWI), California State University
Moriterey Bay (Fred Watson personal communication). Classifications were conducted
using MicroImages processing software (MIPS 2003), with 30 m resolution visual band
and 60 m resolution thermal band input from Landsat 7 Enhanced Thematic Mapper
satellite imagery acquired in spring 2001. quer types classified were meadow, gnd
burned and unburned forest. Geothermal areas were identified by estimating ground heat
production and then assigned a heat index value ranging from 0 to 300. All pixels
registering heat production >0 were categorized as geothermal regardless of the

3
vegetation cover type of that pixel. By combining data from the vegetation cover type
and geothermal data layers I obtained four habitat categor‘iés; burned forest, unburned
forest, meadow aﬁd geothermal.

A mechanistic-based model (Langur, Fred Watson personal communication) was

developed to estimate the spatial and temporal heterogeneity of the snowpack each

winter. Langur generated daily estimates of SWE throughout the study area using
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temporally dynamic precipitation and temperature data, and spatially explicit slope,
aspect, elevation, ground heat, vegetation cover type and mean annual precipitation data.
Daily precipi;cafion and minimum and maximum temperature data were collected from
two automated snow telemetry weather stations (N afural Resource Conservation Service
SNOTEL data), the Madison Plateau station west of the study area and the Canyon
station to the northeast. Snow was modeled to acgumulate when precipitation occurred at
fréezing temperatures, with ground accumulation limited by intergeption of snow in the
forest canopy. Ablation occurred through vapor loss and snowmelt, depending upon
changes in heat content of the snowpack due to air temperature, ground heat and solar
-radiation. Accuracy' of Langur was validated using data from 1233 snow cores collected
by TWI during the 2000 and 2001 winter seasons (Fred Watson personal
communication). Using Langur output I characterized snowpack using two metrics, lSWE
and snow hétero geneity (SNH), with each métric calculated at a local and landscape
scale. Snow water equivalent was calculated as the average of all pixels within the scale
of in;cerest and represented the-mean water content of the snowpack. Snow heterogeneity
was calculated as the standard deviation of all pixels within the scale of interest and
represented the spatial variability of the showpack. The local scale was coﬁsidered all
pixels within a 100 m radius of each elk and random location, as I assumed elk responses
to snow would occur at a scale larger than that of a single 30 m pixel. The landscape
scalé was considered all pixels within the defined boundary of the study population, as I

assumed all elk had the capability of moving throughout the study area during thé course
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of each winter. Landscape and local snowpack estimates were obtained daily and local
snowpack estimates were assigned to each elk location and its corresponding random

locations on that day.

Model Development and Analvses

.I used log odds ratios to determine the likelihood of an elk décurrin_g ata
particular location on the landscape depending on the local snowpack conditions at that
location, as well as the characteristics of the snowpack at the landscépe—scale (Agresti
1990). Elk locations, and their associated random locations, were first categorized by the
landscape SWE estimate on their date of collection. Then, within each landscapé SWE.
category, l_ocations were categori’zed again by their local SWE estimate. The categories of
landscape SWE (low 0.000-0.099, moderéte 0.100-0.169, high 0.170-.0.229 m) were
. designated so that all three categories had the same approximate number of elk locations.
Local SWE levels were de.signateci at every 0.05 m within each landscape SWE category
and odds ratios were then calculated for each local SWE level. The odds of an elk
location occurring in a particular local SWE level were calculated by taking the
' probability of an elk location occurring in that level divided by the probability of an elk
location not occurring in that level. The odds of a random 1ocati0n occurring in that level
were then calculated. An odds ratio was derived by dividing the odds of an elk location
by the odds of a random location occurring in tha;c level. Log odds ratios were obtained
by taking the natural log of the odds ratio. Log odds ratios were calculated with 95%

confidence intervals when the proportion of locations occurring in a particular local SWE
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level exceeded 0.01. Odds ratios have an asymmetrical distribution ranging from 0 to
infinity with values >1 indicating increased odds of occurrence, .values <I indicating
decreased oc!ds and values of 1 indicating equal odds of occurrence. Log odds ratios are
symmetrical about 0 and allow comparison of thé strength of positive and ﬁegative
relationships. Using the previous approach, I also calculated log odds ratios at 0.02 m
levels of local SNH within the.three landscape SWE categories, and for local SWE and
local SNH across three levels of landscape SNH. Due to the energetic costs of movement
and foraginé in heavier snow, I predicted that the odds of elk occurrénce would decrease
with increasiné local SWE, meaning elk would be less likely to occupy areas of high
SNOW mass as oi)posed to low snow mass. The range of local SWE increases as local
SNH increases and I predicted increasing odds of elk occurrence _with increasing local
SNH, as élk would have a greater range of local SWE to select from. Lastly, I predicted
that as landscape SWE and landscape SNH increased the odds of elk oc.:currenc§ across
local SWE. and local SNH levels would becLome more pronounced.

To assess the contribution of SWE in explaining variation in winter elk
distribution, I compared a priori hypotheses representing the potential effects of static
landscape .and dynamic snowpack covariates. Hypotheses were expressed as a set of
candidate models, and each model was placed in one of three suites, depending upon
which covariates it contained (Table 2). The first suite, composed of 7 models, contained
only static landscape covariates and represented traditional approaches to explaining
winter distributions of large herbivores. Within _tﬁis suite I hypothesized that lower

elevations, higher SRI and geothermal habitats would be selected for due to 'lower energy
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requirements for foraging and movement, as 41l of these were thought to be correlated
with lower SWE. In adciition, T hypothesized that elk should select geothermal or
meadow habitats, which exhibit higher vegetative production and greater potential forage
biomass, over less prod_uctive_habitats such as burned or unburned forests. While some
geothermal habitats associated with active thermal features are dévoid of vegetation,

many provide higher quantities and/or quality of fofage, by supporting wet meadow areas

Table 2. Candidate a priori models for examining effects of static and
temporally dynamic landscape covariates on variation in elk distribution.

Suite 1 - Static Landscape Effects

1.1 HBT
1.2 SRI
1.3 ELV

1.4 HBT+SRI
1.5 HBT+ELV
1.6 SRI+ELV
1.7 HBT+SRI+ELV

Suite 2 - Dynamic Snow Effects
2.1 SWEA
2.2 SNHA -
2.3 SWEA+SNHA
24 SWEA+SNHA+(SWEA*SNHA)

Suite 3 - Static Landscape and Dynamic Snow Effects
3.1 SWEA+HBT
32 SWEA+HBT+ELV+SRI -
33 SWEA+SNHA+HBT -
34 SWEA+SNHA+HBT+ELV+SRI ' 3
3.5 SWEA+HBT+(SWEA*HBT)
3.6 SWEA+HBT+(SNHL*HBT)
3.7 SWEA+SNHA+HBT+(SWEA*HBT)
3.8 SWEA+SNHA+HBT+(SNHA*HBT)
39 SWEA+SNHA+HBT+(SNHL*HBT)
3.10 SWEA+SNHA+HBT+(SWEA*SNHA)
3.11 SWEA+SNHA+HBT+(SWEA*SNHA)+(SWEA*HBT)
3.12 SWEA+SNHA+HBT+(SWEA*SNHA)+(SNHA*HBT)
3.13 - SWEA+SNHA+HBT+(SWEA*SNHA)+(SNHL*HBT)
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with high vegetative productivity or plants that photosynthesize year round (Des;pain ,
1990). A second suite of 4 models containing only temporally dynamic snowpack
covariates was used to directly examine the inﬂuenqe of snowpack on elk distribution. I
predicted decreased selection with increasing local SWE, increased selection with
increasing local SNH, and stronger responses to local SWI;Z with increasing local SNH.
The third suite, containing 13 models, combined both static landscape covariates and
dynamic snowpack covariates. Within this suite I developed several models using
elevation, SRI a'nd local SWE. However, I assuméd that local SWE estimates were
correlated with elevation and SRI and that by using only local SWE I could assess
changes in elk distribution with more precision. Thus, elevation and SRI were only
included in two simple additive models. The remaining models within this suite
examined variation in elk distribution with combiﬁations-of snonack covariates and
habitat.

Models were fit and parameter coefficients estimated through conditional logistic
regression analyses using PROC PHREG (SAS Institute Inc. 2000). Conditional logistic
regression is a matched case-control analysis, where binary data are matched, or_
stratified, by a potential confoﬁnding variable. As a result of matching, the intercept term
cancels out of the conditional logistic regression équation and a coefﬁcjent is not
estimated for this parameter. I matched elk and random locations by date to ensure that
comparisons were made between locations with identical landscape snbwpack metrics.
Because only‘ one value is obtained for landscape SWE or landscape SNH for each date,

there is no variation between matched data. Consequently, landscape snow covariates
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could not be used as additive terms in model building. Therefore, to assess the effect of
changing snowpack characteristics at the landscape scale, interaction terms. containing
landscape snowpack metrics were used. This allowed me to examine if the relationship
between elk distribution and local-scale covériates varied across the range of landscapé
snowpack metrics. However, due to the relatively high correlation between landscape
SWE and 'landscape SNH (Pearson correlation = 0.58), I chose to use only landscape
SNH in model building. I 'expected better explanatory power from landscape SNH, as the
increasing variation indicated a wider range of SWE from which elk could-select. |

When usihg PROC PHREG, there are no formal.goodness-of-fit or overdis\persion
estimates available. Thus., I assessed model fit through interpre;cation of deviance
residuals. Oné potential source.of lack of fit was variation between the early (1991-92 to
1993-94) and later (2060-01 to 2001 -02) years of the study, due to wolf reintroductions in |
1997 (Smith et al. 2003) and advancing forest regeneration following the 1988 fires
(.Turner et al. 2003). Shifts in elk distribution may have occurred if wolf presence elicited
behavioral adaptations to predation pressure (Lima and Dill 1990, Lima 1998), or forest
regeneration changed the bi(;mass and structure of vegetation (Turner et al. 2003). To
examine these potential confounding influences, models were fit and rankings compared
for both time periods separately. Models were ranke(‘i and the best approximaﬁng models,
supported by the data, WCI-‘C selected using AIC (Burnham and Anderson 1998).Due to
the large sample size, comparisons did not need ;co be made using AIC, values. Before

fitting models I centered and scaled all continuous covariates by subtracting the midpoint
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and dividing by half the range. Resulting values fall between —1 and 1 with a mean of 0,
éllowing for comparison of coefficient strength between covariates. |

Aftér obtaining results from a priori model comparisons, I f:onducted post-hoc
exploratory analyses to provide insight fbr future analyses. Exploratory analyses were '
conducted by systematically adding or eliminating covariates from the most parsimonious
model from my a priori model suites, in an attempt to develop an even more
parsimonious model based on AIC values. This method of model building allowed me to
explore the role of parameters and interactions suggested from the interpretation of

results from my original model suites.
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RESULTS

In total, 4077 locations were collected from 76 instrumqnted elk over 5 winter
seasons. Group sizes ranged from 1 to 80, with a mean of 6.8. When multiple
instrumented elk were located simultaneously in a single group, only data from one
individual were used for analyses. I retained 3126 locations (range 441-872 loc:/season)
after censoring depe;ndent data, with 2064 and 1062 locations collected during the 1991-
94 and 2000-02 time periods, respectively.

Snowfall' during the five seasons was average to below average (Figure 2).
Historic SWE accumulations are presented in cm days, the sumrﬁation of daily SWE "
measurements thro'ughoﬁt the season (Oct. 1 - Apr. 31) as measured from snow telemetry
stations (Garrott et al. 2003). From 1968 to 2002, SWE 'measure.:ments ranged from 2975
to 12400 cm days, with an average of 7139 cm days. Winter seasons during my studies
had SWE measurements ranging from 3965 to 6715 cm days with a mean of 5675 cm
days.

Langur output indicated that wintering elk encountered pronounced seasongl and
annual variation in snowpack characteristics. Seasonal changes in snowpack for the
narrowes;c (2000-01) and broadest (1992-93) ranges of snow conditions encountered
during this study are presented iﬁ Figure 3. These graphs depict minimum, maximum,
and average laridscape SWE estimates, as well as landscape SNH throughout the winter
season. Average and maximum landscape SWE estimates follow similar trends of
increase throughout the winter season and then quickly decreasing 4t the beginning of

spring melt, however, a small portion of the study area always remained snow free due to
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geothermal activity. Landscape SNH, represented by the range of SWE values with
measurable accumulation, increased throughout the season, but did not decrease as
quickly as average and maximum landscape SWE in the spring. These general seasonal
trends were more pronounced during years of heavier snowfall (Fig. 3), with higher

maximum and average landscape SWE estimates and greater landscape SNH.

1991 1992 1993 2000 2001

Figure 2. Yeaily snow water equivalent accumulations across the five
winter seasons of this study. Dashed line represent historic average at
7139 cm days.

As predicted, log odds ratios indicated that elk were less likely to occur in areas
with higher local SWE and more likely to occur in areas with higher local SNH. These
trends were similar across all categories of landscape SWE and landscape SNH. Because
relationships were stronger using landscape SWE, log odds are only presented using
landscape SWE (Fig. 4). When landscape SWE was relatively low (< 0.1 m), log odds for
the three lowest levels of local SNH were -0.58 (SE = 0.08), 0.40 (SE = 0.09),

0.82 (SE = 0.15) respectively. This trend, similar to results within moderate and high



Area (Km2) Area (Km2)

Equivalent Equivalent

Figure 3. Temporal pattern of snow water equivalent estimates for the 314 km" study area during the broadest range of
snowpack, 1992 (A) and the lightest range of snowpack, 2000 (B) experienced during the study.
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Figure 4. Log odds of elk selection (likelihood elk occurrence) across the range
of snow water equivalent (A) and snow water equivalent heterogeneity (B) for
three categories of average landscape snow water equivalent.
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landscape SWE categories, illustrates a pronouﬁc'ed increase in the likelihood of an area
being used by an elk as local SNH increased. An alternative assessment would be to
interpret the 'odds ratio of 0.56 (CI = 0.48, Q.66) at the lowest local SNH level (< 0.02 m).
This value indicates that 'the odds of an elk occurring in this level were approximately
44% lower than the odds of a random location occurring in this level. As landscape SWE
increased from modergte to high, log odds within the lowest local SNH level decreased
from -1.58 (SE = 0.06) to -1.97 (SE = 0.07), while Va»h_les at the 0.04-0.06 m local SNH
level increased from 1.24 (SE = 0.09) to 1.67 (SE = 0.09). Comparison of odds ratios
between landscape SWE categories within a local SNH levei, suggest that while the odds
of an elk occurring within a local SNH level varied slightly as landscape SWE increased,
they were not greatly influenced by this change. In general, elk locations became more
likely fhan random locations at al‘oproximately 0.03 m local SNH across all c‘ategorie;s of
landscape SWE. Beyond the 0.04-0.06 m local SNH level, log odds were relatively stable
at approximately 1.45, with confidence intervals overlapping fOr"both»moderate and high
landscape SWE categories. Beyond this level, elk were eqﬁally likely to occur regardless
of increasing \;ariation in local SNH or changing Ilandscape SWE. In contrast to local
SNH, the likelihood of lclk occurrence declined across increasing levels of local SWE.
Within the IO'W landscape SWE category, odds ratios for-local SWE decreased from 0.65
(SE=0.07) to ~0.31 (SE = 0.07) to —0.72 (SE = 0.12). This decreasing trend was similar
- between all landscape SWE categories, however, cha/nges in log odds ratios between
landscape SWE categories were greater within local SWE levels than within local SNH

levels. For example, within the lowest local SWE level (< 0.05 m), log odds increased
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from 0.65 (SE = 0.07) to 1.40 (SE = 0.08) to 1.90 (SE = 0.10), as landscape SWE
categories increased. In addition, the local SWE value where the log odds of elk
occurrence becaﬁe negative increased from approximately 0.08 mto 0.13 mto 0.17 m
across low, moderate and high categories of landscape SWE. These values indicate that
changing snowpack conditions at the landscape scale greatly influence the likelihood of
an elk occurring within a particular local SWE level. This landscape-scale influence was |
present Witﬂin all local SWE levels <0.2 m. Above 0.2 m local SWE, log odds appeared
to ~stabilize at approximately -0.80, with confidence intervals overlapping for all
landscape SWE categories. Beyond this level, elk were equally likely to occur regardless
of increasing local SWE levels or ;:hanging landscape SWE. These resﬁlts suggest that
elk are either choosing to occupy areas with more snow mass as landscape-scale
snowpack increases, or simply have no choice but to occupy areas of greater snow mass.
These results also suggest that changes in elk responses to local and landscape snowpack
conditions were limited to tﬁose areas with <0.2 m local SWE

The influence of local SWE estimates on the likelihood of elk occurrence in an
area, as demonstrate.d by interpretation of log oddé', can be illustrated by examining a
subset of elk location data. I selected a subset of locations from Old F aithfﬁl, a relatively
high elevation area in the southern end of the study system, because this location
typically exhibits a wide range of snowpack conditions. One hundred and four elk -
lbcations were selected from days when landscape SWE was less than 0.07 m and 1'02
locations selected from days when landscape SWE was greater than 0.2 m. The extent of

elk spatial distributions diminished as landscape SWE estimates, and corresponding local
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SWE estimateg, increased (Figure 5). Estimated 90% kernel density boundaries generated
using these locations decre.:ased 62%, from 15.1 km? under low landscape SWE to
5.7 km? during high landscape SWE. I found that elk locations ¢oncentrated clqser to
geothermal areas as landscape SWE increased, with distance t(; geothermal areas
decreasing from a mean of 251 m (SE = 27) under low Iandsca'pe SWE to 83 m (SE = 14)
under high landscape SWE. Corresponding local SWE estimates for elk increased from a
mean of 0.056 m (SE = 0.001) to 0.209 m (SE = 0.009). This example supports my
findings from log odds ratio interpretation, that the likelihood of elk occurrence is related
to local and landséape SWE.

Results from model comparison techniques were not entirely consistent with
results from iﬁterpreting log odds ratios, but djd support some predictions regarding the
ability of covariates to explain variation in elk distributions. Initial AIC values supported
pooling data between time intervals, 1991-94 and 2000-02. During both time intervals the
same models were selected as most parsimonious within each of the 3 model suites. The
3 most parsimonious models across all model suites were also ‘the'same between time
intervals. While the second and third ranked models were reversed between early and
later years, during both time intervals there was overwhelming support for one model as
most parsimonious. Therefore, I concluded there were minimal differences between time
intervals and present model comparison results for the pooled data (Table 3). The most
parsimonious model in the first suite was an additive model containing‘ all static

landscape covariates: habitat, elevation and SRI. The most parsimonious model from the
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Figure 5. Elk locations from Old Faithful. Wyoming, USA, during light snowpack (n = 104 : A) and heavy
snowpack (n - 102 : B). Area of elk distribution within a 90% kernel density boundary decreased from 15.1
km' when landscape snow water equivalent averaged less than 0.07 m, to 5.7 km' when landscape snow water
equivalent averaged greater than 0.2 m. Background snow data layers were selected from | Dec. 1992 (A), and
15 Feb. 1993 (B). White areas, depicting 0 m snow water equivalent, represent the location of geothermal

features.
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Table 3. Model selection results for a priori hypothesized models examining the
effects of static landscape and dynamic snow covariates on variation in winter elk
distribution. The 5 best-supported models are presented.

Model Description

K Delta AIC  AIC weights
3.4 oo SWEA+SNHA+HBT+ELV+SRI 7 0.00 1.00
3.2 SWEA+HBT+ELV+SRI 6 826.83 0.00
1.7 HBT + SRI+ ELV 5 8§27.31 0.00
3.12 SWEA+SNHA+HBT+(SWEA*SNHA)+(SNHA*HBT) 4 1034.17 0.00
3.8 SWEA+SNHA+HBT+(SNHA*HBT) 8 1121.62 0.00
24% SWEA+SNHA+(SWEA*SNHA) 3 1387.57 0.00

o, AIC value for model 3.4 is 19337.1
* Model 2.4 - the most parsimonious mode] from Suite 2 is
ranked 13th across all model suites.

second model suite, using only dynamic sﬁow covariates, included the additive effects of
local SWE, local SNH and their interaction. The combination of static and dynamic
covariates in the third suite resulted in the.most parsimonious model across all suites, an
additive model using all covariates: location SWE, location SNH, habitat, elevation and
SRI. Each of these three models had an AIC weight of 1.0 within their particular model
suite, suggesting none of the‘ other competing models from wifhin each suite were well
supported. The most parsimonious model from the third suite also had an estimated AIC
weight of 1.0 when compared across all competing models regardless of suite. This again
suggests no suppoit is evlident for any other model when comparing across suites. Mo del
fit was assessed for the most parsimonious mode]l within each suite and as the deviance
residuals from these models did not exceed a value of 3, I assumed that thesé models fit

the data well. For a4 complete listing of AIC rankings for all models see the Appendix.
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Coefficient estimates for the most parsimonious model in eac}} of the three r;lodel
suites suppqrted predicted effects 6f covariates in explaining variation in tﬁe distribution
- of elk. Within the first model suite, tqpographical covariates prov;ded the most
explanatory power with SRI having a positive coefficient (%stimate (2.66, 95% CI = 2.37,l
2.95) and elevation a negative e_stimaté (-2.19, 95% CI = -2.31, -2.08). These results
demonstrate the éxplanatory power of tdpography and suggest the Vaiﬁe of elk
distribution mechanisms reléted to topography. Possible mechanisms may include
snowpack characteristics and vegetative productivity. Within this model habitat”
coefficients are interpreted relative to the geothermal class, which was used as the
reference variable. The strength of habitat effects increaséd from meadow (-1.14,

95% CI = -1.26, -1.02) to burned forest (-1.46, 95% CI =-1.57, -1.35) and unburned
forest (-1.81, 95% CI =-1.94, -1.69) classes, as expected. These coefficients corresﬁorid
to perceived differences in ground herbaceous productivity among the three
non-geothermal habitat classes. The second model suite supported the negative effect of
local SWE (-3.53, 95% CI = -3.76, -3.30) and positive effect Qf local SNH (0.77,

95% CI=0.49, 1.04) as predicted, and supported the results obtained from log odds ratio
analyses. The interaction of these two covariates had a positive coefficient estimate (2.62,
95% CI1=2.19, 3.07),‘ moderating the.effect of SNH at low SWE estimate and increasing
the positive effect of SNH at higher SWE estimates. Thus, local SNH provided stronger
explanatory power as local SWE estimates increased. While the most parsimonious
model from the third suite revea‘ied similar coefficient estimates for all static landscape

covariates as those from the first suite, dynamic snow covariate estimates were quite
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different than those calculated in the second suite. Habitat coefficient estimates decreased
from meadow (-0.49, 95% CI = -0.64, -0.35) and burned forest (-0.58, 95% CI =-0.72,
-0.44), to unburned forest (-0.83, 95% CI = -0.98, -0.68), but coefficient strength was less
pronounced compared to the first suite. Predictions related to herbaceous product1v1ty
were still supported, although the confidence intervals overlapped for meadow and
burned foreéti Elevation had a negative coefficient estimate (-2.42, 95% CI = -2.57,
-2.27) and SRI a positive estimate (2.76, 95% CI = 2.46, 3.01), with both demo.nstrating
stronger effects than in the first suite. The effect of local SWE remained negative (-0.09,
95% CI =-0.33, 0.15), however, the conﬁdence interval for this estima;te- encorﬁpassed
' zero. This result suggests that the power of local SWE to explain variation in elk
distributions, as seen in the second suite, was accounted for by other covariates in this
model. Local SNH showed .a positive effect (2.31, 95% CI =2.16, 2.46) neatly as strong
as ‘that.of SRI and ELV, indicating that this dynamic covariate maintained explanatory
power, even when combined with static covariates.

Exploratorj; analyses provided insight into some of the results suggested by
analysis of original moldel suites (Table 4). As my original decision to restrict models
with SRI and elevation from the third rﬁodel suite was not sqpporfed, these explorations
allowed me to assess more complex models with these topographical covariates. Building
exploratory models in a systematic fashion, I first eliminated local SWE from the most
parsimonious model in the third suite. The resulting AIC value indicated increased model
+ performance, an expected result based upon the weak explanatory power of local SWE in

the original model. The habitat and local SNH interaction, which was supported in the
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Table 4. Model selection results for exploratory models examining the effects of
static landscape and dynamic snow covariates on variation in winter elk
distribution, using pooled data.

Model Description Delta AIC  AIC weights

] K
o SNHA+I—]BT+SRI+ELV+(SNHA*I—IBT)+(SNHL"‘ELV) 10 0.00 1.00
SNHA+HBT+SRI+ELV+(SNHA*HBT) 9 43.23 0.00
SNHA+HBT+SRI+ELV+(SNHL*ELV) 7 165.72 0.00

9

7

6

7

SNHA+HBT+SRI+ELV+(SRI*HBT) 174.01 0.00
SNHA-+HBT+SRI+ELV+(SNHL*SRI) 188.86 0.00
SNHA+HBT+SRI+ELV 205.15 0.00

* SWEA+SNHA+HBT+ELV+SRI 206.56 - 0.00

o AIC value for the most parsimonions model is 19130.54
* Most parsimonious model from original model suites

third suite, also increased model performance. As landscape SNH'Was highly correlated
with local SWE and local SNH, the int.eractic)ns between landscape ﬁnd local snowpack
covariates could not be incmporated into tﬂe original model building approach. However,
my original results suggested that elevation and SRI were providing explanatory power
for snowpack metrics and other possible mechanisms. Given that elevation and SRI were
'not highly correlated with landscape SNH, I could examine if the explanatory power of
these topographical covariatés varied with landscape SNH. The most parsimonious model
from exploratory analyses was comprised of local SNH, habitat, SRI, elevation, a local
SNH and habitat interaction, and-a landscape SNH and elevation interaction. The SRI
coefficient was similar to that from SRI in the most parsimonious model from the third
model suite. The strength of hﬁbitat covariates increased slightly, while local SNH and
elevation both decreased, possibly due to their presence in the interaction terms. chal .
SNH coefficient strength was strongly influenced by habitat category, with coefficient

estimates increasing from meadow (9.37, 95% CI = 6;28, 12.47) to buméd forest (17.50,
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95% CI = 14.34, 20.66) to unburned forest (22.37, 95% CI = 18.49, 26.26). This indicates
that the power of local SNH was much greater in habitats that were assumed to have
lower forége potential, suggesting that elk res'ponded quite strongly to variation in
snowpack when the perceived benefits of forage decreased. Explanafory power of
elevation varied with changes in landscape SNH. The coefficient strength of the elevation
and landscape SNH interaction (-8.07, 95% CI=-10.43, -5.07) indicates that the negétive
reépoﬁse of elk distribution to elevation becomes stronger with greater variation in
landscape snow pattern. These results suggest that.more ‘complex relationships may exist

between dynamic sriowpack covariates and static landscape covariates.
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DISCUSSION

Snowpack estimates at fine spatial and temporal scales can be important tb
consider when using landscape -components to aséessing the winter distribution of large
herbivores in high latitude ecésystems. These results efnpirically support pfeviéus
research documentiﬁg negative associations between large herbivore responses, and“
increasing severity of snowpack characteristics, including depth (Rongstad and Tester
1969, Schmidt 1993, Loison and Langvatn 1998, Nelleman 1998, Ball et al. 2001). My
results provide this support byﬂ utiliziﬁg spatial representations of SWE, and to my
knowledge, only one other publication has utilized SWE to determine changes in large
herbivore distributi(.)ns (Turner et al. 1994). This suggests that the utilization of SWE, a

‘more direct measure of snowpack than depth, can be a valuable tool in' future efforts to
expand upon historical research of the winter ecology ofllarge herbivores. In addition,
these results suggest that the response of elk to local snow conditions is dependent upon
landscape-scale snow conditions, a conclusion not documented in the existing literature. I
noted an increased likelihood of elk locati.ons occurring at low SWE levels, aé landscape
SWE estimates increased. Also, tﬂe range of local SWE estimates where elk had a greater
likelihood of occurring increased as landscape SWE estimajces increased. This dynamic
response was interpreted to indicate that the study population was constrained to areas
with higher local SWE as léndSCape SWE increased. In essence, elk generally selected |
areas with the least amount of snow, but began to occupy areas of incfeased snow as less
and less of fhe total area within the study system fell ,Withiﬁ low snow levels. While

increasing landscape SWE estimates caused the likelihood of elk occurrence to change at
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low levels of local SWE, the likelihood at higher levels of local SWE remained consistent
as landscape SWE estimates increased. This c<.)nsistency in the likelihood of elk
occurrence stabilized between 0.15 and 0.20 m of SWE, similar to the upper fhreshold of
covx; elk foraging (0.15 m) suggested by Turner et al. (1994). These results do not indicate
any thresholds related to SWE, but suggest that in a’reas with high local SWE elk persist
at low levels regardless of changing landscape SWE estimates. However, it is important
to note that these results represent analyses conducted on data from years of average to
below average snowfall. It is quite probable. that expanding these analyses will allow
future documentation of both foraging and occupancy thresholds.

The strong positive relationsh‘i'pv documented between elk occurrence and
increasing SNH was an assessment not possible prior to snow modeling efforts. Snow
heterogeneity has not been widely documented as a mechanism inﬂueﬂcing the -
distribution of large herbivores, possibly because assessing spatial variation in snonack
is difficult outside of a modeling environment and detailed snow models have not existed
until recently (Schmidt 1993). However, the importance of heterogeneity in the landscape
to explain variation in the distribution of organisms, and their utilization of resvources, is
well knolwn and led to my predictions regarding the response of elk to heterogeneity in
the snowpack (Weins 1989, Kotliar and Weins 1990, Pearson et al. 1994). I predicted an
increased likelihood of elk occurrence in areas with greater local SNH. While both log
odds ratios and model seléction analyses supported this prediction, there was only a weak
tendency for the likelihood of elk occurrence to increase as landscape SWE increased.

This did not support my prediction that likelihoods within a particular SNH level would
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become more.pronounced as landscape SWE increased. I concluded that given the range
of climatic conditions examined, changing landscape SWE estimates did not influence
the response of elk to SNH. Ip-addition, I also no;ced the likelihc;od of elk occurring
within a particular SNH level did not change above 0.06 m SNH. This demonstrated that
elk exhibited a strong positive reépdnse to increasing SNH up to the 0.06 m leyel, after
which the likelihooa of eik occurrence was equally likely, regardless of SNH estimate.

Support for snow as a mechanism affecting the distribution of the study
population, as provided by log odds ratio interpretation, was not clearly evident when
interpreting model comparison results. While local SNH and local SWE coefficients
supported predictions for these p‘arameters in the most parsimonious model from the
second suite, local SWE provided minimal explanatory power in‘the most parsimonious
model when éompared to other covariates, including local SNH. Whiie these results were
unexpected, they provide additional insight into the inﬂuencé of snow on the spatial
dynamics of elk distribution. Research ilas documented the importance of both snow and
topographical features in affecting resource utilization and distribution of large
herbivores during the winter season (Irwin and Peei( 1983, Turner et al. 1994, Nellemann
1998, Ball et al. 2061). The influence of topographical features results in part from the
correlation of snowpack characteristics to those features, such as slope, éspect and
elevation, and is interpreted as such in most literature (Coughlan and Running 1997,
Green et al. 1999). Given these findings, I anticipated that when including SWE models

with either elevation and/or SRI that the SWE estimate would account for much of the

explanatory power of these topographical covariates, by providing a direct estimate of
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snow. While the most parsimonious model from the second suite strongly supported the
explanatory power of local SWE, this was not supported‘ in the most parsimonious model
overall. Several reasons may explain why the coefﬁcient strength of local SWE was
much less than that of elevation or SRI in the most parsimonious model. First, Langur
may need to bg improved to increase its' accuracy in estimating snow at fine spatial
scales. Future development to increase the accuracy of both Langur and model inpﬁt
parameters will undoubtedly provide better assessments of the inﬂuenpe of landscape
parameters. However, snow estimates appear adequate to assess distributional résponses
as the ﬁodel was fairly accurate at estimating local SWE, based on ground measurements
(Fred Watson personal communication), and analytical results support the majority of
predictions. A second possible explanation is that elevation and SRI partially explain
variation in elk distribution, due to similarities with several mechanisms including local
SWE. Thus, the strength of these covariates comes in part from their correlation with
local SWE estimates (Pearson correlation = ELV- 0.38; SRI- 0.08), as Well asa
correlaﬁon with some other mecilanism such as ;temperature or forage productivity. If this
interpretation is\ correct, these results not only demonstrate the importance of snow in
éxplaining variation in the distribution' of large herbivores, but also indicate that some
other mechanism related to topography is influencing the distribution of the study
population.

This research focused ofl\identifying the mechanisms influencing species
distributional response to the environment, not interpreting this relationship through

examining surrogates of the true mechanism (Morrison 2001). The direct role of these
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landscape components was examined by utilizing snowpack estimates, and even SRI, yet
other known mechanisms were unaccounted for in these analyses. For example, large
herbivores are known to respond to the quality and quantity of hert;aceous vegetation
during the winter (Wallace et al. 1995), even though senescent.pla,nts provide poor
quality forage and snow reduces accessibility to thg:se plants (Hobbs et al'. 1983, Parker et
al. 1984). Few previous attempts to model large herbivore distributions have had direct
measures of these attributes at meaningful spatial scales, and WhﬂE; unable to obtain
detailed vegetation biomass estimates, these efforts demonstrate the utility of Working
toward spatially and temporally dynamic landscape characteristics which more accurately
represent the animal’s environment. Additional efforts are underway to determine the
influence of wind in displacing snow in this study system; a possible step toward
eventually determining the role of this dynamic landscape component on animal
distributions (Fred Watson personal communicatioh). Perhaps with greater spatiél and
\temporal detail of snowpack, wind, temperature, vegetation structure and vegetation
biémass, understanding biological responses in greater detail will be possible. For
example, comparing landscape chara&;teristics to individual energetic responses, such as
those providéd through urinary indices (Garrott et al. 1996).

These results represent an initial effort to incorporate dynamic components of the
landscape into assessments of species-habitét relationsﬂips, and support expanding the
scope of such assessments. This aésessment of elk responses to variable snowpack
should be extended to years of greater than average snowfall, as these results suggest that

responses can change as landscape-scale snow conditions become more severe. In
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addition, the study system supports another large herbivore, the bison, whose winter
ecology and responses to snow have important research and management implications
(Bjornlie and Garrott 2001). Beyond the dirgct effects on elk distribution assessed here,
the possibility exists to determine how snowpack might ivndirec.tly influence these species
by altering the vegetative community upon which they forage. Andrewartha and Birch
(1957) noted that climatic conditions could influence animal populations both diréctly |
and indirectly. The ability to assess both direct and indirect influences can be éxtended to
include a multitude of other species, including individual and population responses to the
environment at a variety of scales (Johnson 1980, Levin 1992). This research highlights a
significant effort toi incorporate a mechanism of climate into the understanding of species
distribution. As climatic modeling increases in prevalence and accuracy, résearchers will
have a greater ability to apply data, novel in both its* spatial and temporal detail, to a

wide array of ecological questions.
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APPENDIX

AKAIKE’S INFORMATION CRITERIA MODEL RANKINGS




AIC Within Suites - Delta AIC Between Suites - Delta AIC
Model K Early Late Pooled Early Late Pooled | Early Late Pooled
1.1 3 14446.6 7501.0 219594 1237.9 569.0 1802.1 1913.8 719.8 2629.5
1.2 1 | 151952 7740.8 22939.6 1986.5 808.8 27824 2662.4 959.6 3609.7
13 |1 14156.7 7201.1 21356.8 948.0 269.0 1199.6 1623.9 419.9 2026.9
14 4 14219.6 7434 .4 21668.8 1010.9 502.4 1511.5 1686.8 6532 2338.8
1.5 4 13477.9. 7009.5 20499.0 269.2 714 341.8 945.1 228.3 1169.1
1.6 2 13860.9 7115.1 209794 652.1 183.1 822.2 1328.1 333.9 . 1649.5
1.7 5 | - 13208.7 6932.0 201573 0.0 0.0 0.0 675.9 150.8 827.3
2.1 1 14513 4 7354.4 21870.7 980.0 1774 1153.1 1980.6 5732 2540.7
2.2 1 14261.3 7535.5 21799.7 727.9 358.5 1082.2 1728.5 754.3 .2469.7
2.3 2 13653.6 7183.2 20847.2 120.2 6.2 129.6 1120.8 402.0 15172
2.4 3 135334 7177.0 20717.5 0.0 0.0 0.0 1000.6 395.8 1387.6
3.1 4 14001.7 7233.8 21249.8 1468.9 4526 1919.9 1468.9 452.6 1919.9
3.2 6 13210.7 6925.9 20156.8 677.9 144.7 826.8 677.9 144.7 826.8
3.3 5 13488.6 71354 20635.2 955.8 354.2 1305.3 955.8 354.2 1305.3
34 7 12532.8 67312 19330.0 0.0 0.0 0.0 0.0 0.0 0.0
3.5 7 13867.6 7227.6 21109.8 1334.8 446.4 1779.8 1334.8 446.4 1779.8
3.6 7 14002.0 7236.0 21247.5 14692 - 454.8 1917.5 1469.2 454.8 1917.5
3.7 8 13449.1 71354 20601.8  916.3 354.2 1271.9 916.3 354.2 1271.9
3.8 8 13328.1 7107.6 20451.6 795.3 326.4 1121.6 795.3 326.4 1121.6
3.9 8 13490.9 7128.6 20637.7 958.1 3474 1307.8 958.1 3474 1307.8
3.10 6 13362.0 7126.2 20492.9 829.2 345.0 1163.0 829.2 3450  1163.0
3.11 9 | 13343.8 7125.5 20479.9 811.0 3443 1149.9 811.0 344.3 1149.9
3.12 9 13252.5 7103.7 20364.1 719.7 3225 10342 719.7 322.5 © 10342
3.13 9 13365.3 7119.5 20497.9 832.5 338.3 1168.0 832.5 338.3 1168.0

Akaike's information criteria model rankings for early, late and pooled time periods. Both within and between suite
Delta AIC values are presented.
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