MONTANA

STATE UNIVERSITY

On understanding inconsistent disciplinary
behaviour in schools

Authors: Anton Bekkerman & Gregory Gilpin

This is an Accepted Manuscript of an article published in Applied Economics Letters in 2015,
available online: http://www.tandfonline.com/10.1080/13504851.2014.978065.

Bekkerman, Anton, and Gregory Gilpin. "On understanding inconsistent disciplinary behaviour in
schools." Applied Economics Letters 22, no. 10 (2015): 772-776.
DOI: https://dx.doi.org/10.1080/13504851.2014.978065.

Made available through Montana State University’s Scholar\Works
scholarworks.montana.edu


http://scholarworks.montana.edu/
http://scholarworks.montana.edu/
http://www.tandfonline.com/10.1080/13504851.2014.978065
http://www.tandfonline.com/loi/rael20#.VikQeH6rRD8
https://dx.doi.org/10.1080/13504851.2014.978065







Table 2. Descriptive statistics of disciplinary actions
by student body demographics, in per cent

Nonfirearm Illegal Physical
weapon drugs  Alcohol altercations
Expulsion/transfer
Black  58.1 51.0 30.2 21.9
Hispanic 53.2 42.0 26.5 15.6
White  43.3 39.3 21.6 12.3
Suspension, > 5 days
Black  31.9 37.9 52.6 514
Hispanic 30.4 30.8 32.8 324
White  40.8 442 52.0 43.7
Short-term discipline
Black 9.9 11.2 17.2 26.7
Hispanic 16.4 27.1 40.7 52.0
White 159 16.6 26.4 44.1

Notes: 3200 nonalternative public high school observa-
tions. ‘Black’, ‘Hispanic’ and ‘white’ indicate the per cent
of students disciplined by a particular punishment for one
of the four misconducts in schools where the student body
consists of at least 25% of black students, Hispanic stu-
dents or white students, respectively. Discipline rankings
among student body demographics did not change when
the student body composition thresholds were altered
between 10% and 50%.
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community characteristics (X};), and state and time
fixed effects (d; and &), which help capture state-
level school discipline mandates and other consis-
tencies across schools and over the sample period,
and idiosyncratic error term (gy;), that is,

df, = By + SBufy + XuPy + 05+ 6+ ey . (1)
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A school’s use of a discipline k& is bounded
between 0% and 100%, where 0% indicates that
discipline k£ is never used and 100% indicates that
all students committing a certain offense are identi-
cally disciplined. Figure 1 shows estimated probabil-
ity density functions for discipline ratios across the
four offense categories, which provide empirical
evidence of substantial mass at the 0% and 100%
bounds and likely represents administrators at a
school i consistently using the same discipline for
certain offenses. Therefore, the observed proportion
of discipline outcomes is characterized as

di, =0 ifd}; <0
df, =df, if0 < df <100 )
df, =100 if df; > 100
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Fig. 1. Empirical probability density functions: (a) nonfirearm weapon, (b) illegal drugs, (c) alcohol and

(d) physical altercations



where the unobserved latent discipline outcome is
dy;. A Tobit model with sampling weights provided
by the SSOCS yields unbiased and consistent para-
meters estimates.

The Tobit model conveniently provides an oppor-
tunity to decompose marginal effects into condi-
tional and unconditional elasticities between
discipline outcomes and the variables of interest
(McDonald and Moffitt, 1980), that is,

OE[0 < df < 1] SB

5(C) =—5sz Ep<d<1] (3a)
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The two elasticities differ in how the estimate
conditions over the discipline outcome space. The
conditional elasticity (Equation 3a) characterizes the
impacts on disciplinary actions in schools where
within-school variation exists in discipline & for mis-
conductj. The unconditional elasticity (Equation 3b)
also includes information about schools that do not
have within-school variation in a particular
discipline.

IlIl. Results

Table 3 presents estimates of the Tobit discipline
model for the demographic variables of interest.
The results show that discipline rates are affected
by a school’s student body racial composition.
Discrepancies are manifest in increased expulsions
and transfers in schools with a higher proportion of
black students. Specifically, a 1% increase in the
percentage of black students is positively correlated
with average increases in the latent expulsion and
transfer rates of 0.79, 0.31 and 0.31 percentage
points for nonfirearm weapons, illegal drugs and
physical altercations, respectively. Furthermore,
more severe punishments appear to occur in lieu of
lesser disciplines. For example, higher expulsion and
transfer rates for nonfirearm and illegal drug

Table 3. Tobit discipline model estimates of
latent marginal effects

Nonfirearm Illegal Physical

weapon drugs Alcohol altercations
Expulsion/transfer
Black 0.792* 0.310%  0.847  0.308%**
Hispanic 0.316 —0.080 —0.190 -—0.086
Suspension, > 5 days
Black  —1.241*¥** —0.396* 0.906* 0.437***
Hispanic —0.612 -0.362 -0.221 -0.086

Short-term discipline
Black 0.218 0.170  —0.369* —0.360%**
Hispanic 0.152 0.407** —0.081  0.046

Note: *, ** and *** indicate statistical significance at the
10%, 5% and 1% levels.

misconducts are offset by declines in suspension
rates. Similarly, lower short-term disciplines for
alcohol and physical altercation misconducts may
be partially traded-off for higher expulsions, trans-
fers and suspensions. These results parallel previous
research, which finds that schools with a larger black
student body are more likely to use extremely puni-
tive discipline and implement zero-tolerance policies
rather than first warn the students (Welch and Payne,
2010).

Table 4 presents the unconditional and conditional
elasticity estimates with respect to the black student
body, which provide suggestive evidence that varia-
tion in discipline rates attributable to schools’ racial
compositions may exist primarily in schools where
inconsistent  disciplinary  behaviour  occurs.?
Conditional elasticity estimates indicate that in
schools with inconsistent disciplinary outcomes,
more severe punishments are used in response to a
larger black student body. However, unconditional
elasticity estimates are not statistically significant,
suggesting that it may not simply be the case that
least severe discipline is observed in schools with a
predominantly white student body or that the tough-
est punishments occur in schools with a predomi-
nantly black student body. Rather, in schools where
inconsistent disciplinary behaviours are observed, a
proportion of the inconsistency is attributable to stu-
dent demographics. This is consistent with Kinsler
(2011).

% We do not present elasticity estimates with respect to the Hispanic student body because the Tobit models’ marginal effect
estimates indicate a weak relationship between disciplinary inconsistencies and changes in the Hispanic student

population.



Table 4. Discipline elasticity estimates with
respect to the per cent of the black student body

Nonfirearm weapon Nllegal drugs Alcohol Physical altercations
Expulsion/transfer
Unconditional elasticity 0.021 0.008 0.013 0.028
Conditional elasticity 0.001** 0.001** 0.001* 0.003***
Suspension, >5 days
Unconditional elasticity —0.038 —0.016 0.013 0.022
Conditional elasticity —0.001 *** —0.001*** 0.001* 0.002%**
Short-term discipline
Unconditional elasticity 0.011 0.011 -0.019 —-0.023
Conditional elasticity 0.000 0.001 —0.001* —0.002%**

Note: *, ** and *** indicate statistical significance at the 10%, 5% and 1% levels.

1IV. Conclusions

While calls for greater discretionary power for evalu-
ating student misconduct have increased, inconsistent
disciplinary behaviours across schools can inequitably
impact students’” access to education opportunities.
We show that a portion of observed disciplinary
inconsistencies can be attributed to differences in the
student body’s racial composition and that these
effects are concentrated in schools with larger black
student bodies. Moreover, we find that differential
disciplinary behaviour is not unconditionally related
to student demographics; rather, student body racial
compositions are more likely to influence disciplinary
decisions in schools that already have variability in
making those decisions. Consequently, public policy
that seeks to reduce educational inequities must be
crafted with particular attention to the complexities
underlying schools” existing predispositions to disci-
plinary inconsistencies.
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